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The maintenance and resilience of host-associated microbiota during development is a
fundamental process influencing the fitness of many organisms. Several host properties
were identified as influencing factors on bacterial colonization, including the innate
immune system, mucus composition, and diet. In contrast, the importance of bacteria–
bacteria interactions on host colonization is less understood. Here, we use bacterial
abundance data of the marine model organism Nematostella vectensis to reconstruct
potential bacteria–bacteria interactions through co-occurrence networks. The analysis
indicates that bacteria–bacteria interactions are dynamic during host colonization and
change according to the host’s developmental stage. To assess the predictive power
of inferred interactions, we tested bacterial isolates with predicted cooperative or
competitive behavior for their ability to influence bacterial recolonization dynamics.
Within 3 days of recolonization, all tested bacterial isolates affected bacterial community
structure, while only competitive bacteria increased bacterial diversity. Only 1 week after
recolonization, almost no differences in bacterial community structure could be observed
between control and treatments. These results show that predicted competitive bacteria
can influence community structure for a short period of time, verifying the in silico
predictions. However, within 1 week, the effects of the bacterial isolates are neutralized,
indicating a high degree of resilience of the bacterial community.
Keywords: correlation networks, bacteria–bacteria interactions, holobiont, host–microbe interactions, Cnidaria,
metaorganism, resilience, community ecology
INTRODUCTION
Central for the ability to predict the rules determining the assemblage of host-associated microbial
communities is the knowledge about the factors influencing their dynamics and stability. It is well
established that extrinsic factors, like temperature (Fan et al., 2013; Mortzfeld et al., 2016), pH
(Ribes et al., 2016), or pathogens (Agler et al., 2016), can influence the community membership.
In addition, a number of studies describe host factors shaping the host-associated microbiota,
e.g., the innate immune system (Vaishnava et al., 2008; Franzenburg et al., 2012, 2013), diet
(David et al., 2014), or host mucus composition (Staubach et al., 2012; Kashyap et al., 2013). In
contrast, less is known about how bacteria–bacteria interactions themselves affect the assemblage
of host-associated bacterial communities. However, it is known that interactions within microbial
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communities can be complex ranging from cooperation to
competition (Deines and Bosch, 2016). They can be influenced by
diverse factors, like bacterial metabolism (Grosskopf and Soyer,
2014; Zelezniak et al., 2015), environmental factors, or spatial
organization (Kim et al., 2008; Mitri and Foster, 2013).
Until recently, it was assumed that cooperative interactions
within host-associated bacterial communities are the driving
force for stability and productivity (reviewed in Deines and
Bosch, 2016). However, this view was challenged by theoretical
work, which is based on ecological network analysis. While
cooperative communities are predicted to be highly productive
for the short term and unstable for the long term, competitive
communities tend to be more diverse and stable over time
(Coyte et al., 2015). Although much progress has been made in
characterizing host-associated bacterial communities, few data
are available on ecological interactions within these communities
in vivo and their impact on community stability and dynamics.
The marine sea anemone Nematostella vectensis is
characterized by a stable associated bacterial community,
which is dynamic in response to host development (Mortzfeld
et al., 2016). Host development is defined by several life stages.
Upon fertilization, the embryos develop into free swimming
planula larvae within 1–3 days. After roughly 1 week, the larvae
metamorphose into sessile primary polyps. Sexual maturity
is reached after 3–6 months (Hand and Uhlinger, 1994). In a
previous study, the establishment of the bacterial community
was monitored from the early developmental stages up to the
reproductive adults over the time course of more than 1 year
(Mortzfeld et al., 2016). Using this comprehensive dataset, we
inferred theoretical bacteria–bacteria interactions (Faust and
Raes, 2012; Weiss et al., 2016) to determine bacteria with a
distinct predicted motif. Using bacterial isolates possessing
predicted competitive or cooperative interactions, we tested their
impacts on the assemblage of the microbiota in recolonization
experiments in juvenile animals. Our results show that predicted
competitive bacteria can influence community diversity for a
short period of time, verifying the in silico predictions. With
this study, we confirm the significance of the predictions of
co-occurrence networks by experimentally testing the predicted




Network links were inferred using correlation analysis among
508 OTUs representing the relative bacterial abundance in
N. vectensis (Mortzfeld et al., 2016). SparCC methodology
(Friedman and Alm, 2012) was chosen as the inference method
because it was explicitly designed for compositional (i.e., based
on relative information) and sparse (with a small amount of non-
zero values compared to the maximum possible) data, two key
features displayed by the sequencing data used in our study. As
the amount of significant correlations (pseudo p-value ≤ 0.05)
was large, only the strongest correlations were considered for
network construction and analysis (i.e., strong correlations are
those exceeding 0.5 in absolute value).
Correlation Significance
SparCC methodology assigns a pseudo p-value to each
correlation through a bootstrap approach. The pseudo p-value
represents the proportion of times a correlation from permutated
datasets is at least as extreme as the observed “real” one
(Friedman and Alm, 2012). To calculate the pseudo p-values,
1,000 permutated datasets with a two-sided distribution were
used.
Network Descriptors
The links in the co-occurrence networks can be either negative or
positive. The value assigned to the interactions (i.e., interaction
strength) ranges between −1 and +1, and the sign can provide
proxies on the type of interaction (e.g., positive correlations can
stand for cooperative activities, while negative correlations can
indicate competition; see Shade et al., 2012). The number of
nodes (the size of the network, which corresponds to the total
number of OTUs; N), the number of links (the total number
of significant correlations exceeding 0.5 in absolute value; L),
the number of connected nodes (the OTUs with at least one
interaction; NC), the density [the ratio between L and the
maximum number of links that an undirected network can have:
Lmax = N (N − 1)/2; D = L/Lmax], the numbers and proportions
of positive (LP, %LP) and negative (LN, %LN) links, the mean
correlation values based on total (mt), positive (mp), or negative
(mn) interactions, and the number of subnetworks (networks
composed by isolated subsets of N, where the nodes of each
subnetwork show no connections outside the subset; nsub) were
taken as network descriptors. The degree (d) of the nodes was
used as an indicator of centrality to identify the most important
OTUs in the network (Wasserman and Faust, 1994). Thus, an
OTU i was considered to be important when it had a high degree
(di is large if the node i is directly linked to several OTUs)
and most connections of the same sign (i.e., to discriminate
among cooperators or competitors). Also the mean (d) and the
maximum (dmax) degrees of the networks were calculated as
global descriptors starting from single node values.
Animal Culture
All experiments were carried out with juvenile polyps of
N. vectensis. The adult animals of the laboratory culture were
F1 offspring of CH2XCH6 individuals collected from the Rhode
River in Maryland, United States (Hand and Uhlinger, 1992;
Fritzenwanker and Technau, 2002). They were kept under
constant, artificial conditions without substrate or light in
Nematostella Medium (NM), which was adjusted to 18◦C and
16h salinity with Red Sea Salt R© and Millipore H2O. Polyps were
fed 2–3 times a week with first instar nauplius larvae of Artemia
salina as prey (Ocean Nutrition Micro Artemia Cysts 430–3500 g,
Coralsands, Wiesbaden, Germany).
Antibiotic Treatment
The antibiotic treatment procedure was adapted after the
protocol for germ-free (GF) Hydra polyps (Fraune et al., 2014).
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The juveniles were incubated without food supply for 4
weeks in sterile NM with an antibiotic cocktail of ampicillin,
neomycin, streptomycin, spectinomycin, and rifampicin in a final
concentration of 50 µg/mL each. The medium was changed
every 2–3 days. After the 4 weeks, the polyps were transferred
into antibiotic-free medium. The absence of cultivatable bacteria
was checked at the end of the antibiotic treatment by plating
homogenized polyps on Marine Bouillon (MB) plates. While a
weak band was detected using specific 16S rRNA gene primers
(27F and 338R), no recovery of bacterial colonization was
observed based on PCR signal intensity and plating on MB during
the course of the experiment in non-colonized animals.
Recolonization
The bacterial load of larvae and juveniles was estimated by colony
forming units (CFUs) of larvae and juveniles. Larvae (6 days
old) and juveniles (8–10 tentacle stages) were homogenized and
spread on MB plates. The plates were incubated at 18◦C for 3 days
before counting colonies. One smashed larva resulted in ∼200
colonies grown on MB plates and one smashed juvenile spread
on an MB plate yielded ∼2,000 colonies. To ensure successful
recolonization, the polyps were exposed to double the amount of
their native microbiota (e.g., ∼4,000 colonies per juvenile). The
bacterial isolates were grown to an OD600 of 0.2, spread out on
MB plates, and counted in order to calculate the cell number.
Prior to recolonization, the juvenile polyps were treated with
antibiotics for 4 weeks and remained in sterile antibiotic-free
medium for 4 days before recolonization. The animals were
starved during the whole experiment. For each recolonization
treatment and replicate, 10 juvenile polyps were put into a 2 mL
Eppendorf tube and filled up with 2 mL of one of the following
solutions: (1) native larval bacteria; (2) native juvenile bacteria;
or (3) a mix of native larval bacteria and one single bacterial
isolate in overrepresentation. Complex bacterial mixtures were
obtained by smashing whole larvae or juvenile polyps in sterile
NM. The homogenates were centrifuged and the pellet washed
twice in sterile NM. Samples were collected for the three types of
treatments at two time points. Five replicates per treatment and
time point were used and each replicate consisted of five pooled
animals.
The juveniles were recolonized with a mix of native larval
bacteria together with single isolates with the aim of adding the
single isolates in a 1:3 ratio of larval bacteria to single isolates.
By sequencing the 16S rRNA genes of inocula, we estimated the
overrepresentation of all isolates. Although it was not possible to
obtain any mix of larval bacteria and bacterial isolates with the
1:3 target ratio, the five selected OTUs were still overrepresented
at the start of each treatment, i.e., at least 10-fold their initial
abundance in the control. The fold change of each isolate was
estimated by comparing the sequencing reads of control (bL) to
treatment.
Cultivation and Identification of Bacterial
Isolates
Bacteria were isolated from Nematostella polyps by smashing
single polyps in sterile NM and plating them on MB, LB, and
R2A agar plates. After incubation at 18◦C for 5 days, single CFUs
were isolated and cultivated in liquid MB, LB, or R2A medium.
The bacteria were identified by Sanger sequencing of the 16S
rRNA gene. Stocks were stored in Roti-Store cryo vials (Carl
Roth, Karlsruhe, Germany) or in 50% glycerol at−80◦C. Bacterial
isolates were grown and isolated in the following media: OTU194
(Ruegeria sp.) and OTU1209 (Vibrio sp.) grew in MB medium,
OTU1325 (Aeromonas sp.) and OTU941 (Pseudomonas sp.) in LB
medium, and OTU670 (Acinetobacter sp.) in R2A medium.
DNA Extraction and 16S rRNA
Sequencing
Before extraction, the animals were washed three times
with 500 µL sterile filtered NM and frozen without liquid
at −80◦C until extraction. The gDNA was extracted from
whole five animals per sample with the DNeasy R© Blood &
Tissue Kit (Qiagen, Hilden, Germany) as described in the
manufacturer’s protocol. DNA was eluted in 200 µL elution
buffer. The eluate was frozen at −20◦C until sequencing. For
each sample, the hypervariable regions V1 and V2 of bacterial





AGT-3′) contained the Illumina Adaptor p5 (forward) and p7
(reverse). Both primers contain a unique 8 base index (index;
designated as XXXXXXXX) to tag each PCR product. For the
PCR, 100 ng of template DNA (measured with Qubit) were added
to 25 µL PCR reactions, which were performed using Phusion R©
Hot Start II DNA Polymerase (Finnzymes, Espoo, Finland). All
dilutions were carried out using certified DNA-free PCR water
(JT Baker). PCRs were conducted with the following cycling
conditions (98◦C – 30 s, 30 × [98◦C – 9 s, 55◦C – 60 s, 72◦C –
90 s], 72◦C – 10 min) and checked on a 1.5% agarose gel. The
concentration of the amplicons was estimated using a Gel DocTM
XR+ System coupled with Image LabTM Software (BioRad,
Hercules, CA, United States) with 3 µL of O’GeneRulerTM
100 bp Plus DNA Ladder (Thermo Fisher Scientific, Inc.,
Waltham, MA, United States) as the internal standard for band
intensity measurement. The samples of individual gels were
pooled into approximately equimolar subpools as indicated by
band intensity and measured with the Qubit dsDNA br Assay
Kit (Life Technologies GmbH, Darmstadt, Germany). Subpools
were mixed in an equimolar fashion and stored at −20◦C until
sequencing. Sequencing was performed on the Illumina MiSeq
platform with v3 chemistry (Rausch et al., 2016). The raw data
are deposited at the Sequence Read Archive (SRA) and available
under the project ID PRJNA433067.
Analyses of Bacterial Communities
The sequence analysis was conducted using the QIIME 1.9.0
package (Caporaso et al., 2010). Paired end reads were assembled
using SeqPrep. Chimeric sequences were identified with Chimera
Slayer (Haas et al., 2011). OTU picking was performed using
the pick_open_reference_otus.py protocol with at least 97%
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identity per OTU and annotation was conducted with the
UCLUST algorithm (RRID:SCR_011921; Edgar, 2010) against
the GreenGenes database v13.8 (RRID:SCR_002830; DeSantis
et al., 2006) implemented in QIIME. OTUs with less than 50
reads were removed from the dataset to avoid false positive OTUs
that may originate from sequencing errors (Faith et al., 2013).
The number of reads was normalized to 10,000 reads for the
analysis. Alpha-diversity was calculated with the Chao1 metric
implemented in QIIME using ten replicates of rarefication per
sample. Beta-diversity was depicted in a PCoA by 100 jackknifed
replicates using Bray–Curtis and weighted UniFrac metrics.




Networks During Host Development
To infer potential bacteria–bacteria interactions in the bacterial
community of N. vectensis, network links were inferred using
SparCC methodology (Friedman and Alm, 2012) to the
relative abundance of 508 OTUs over the whole ontogeny
(Mortzfeld et al., 2016). Using bacterial abundance data, network
correlations were inferred from: (1) all sampling time points
together, leading to the representation of the most important
interactions along the whole development of the animal and
(2) the three developmental stages separately, which characterize
the most relevant correlations during each developmental
stage. For the construction of the co-occurrence networks,
the strongest significant interactions (i.e., those with pseudo
p-value ≤ 0.05 and an absolute correlation value larger than
0.5) in each of the datasets were selected. A list of 66 nodes
(N = 66), representing 66 bacterial OTUs, was obtained from
the union of all OTUs that were found at least once in one
of the four datasets of the significant and strong correlations.
Using these 66 nodes, the four co-occurrence networks were
constructed. Figure 1 is the co-occurrence network along
the whole developmental process of N. vectensis. Figure 2
shows the co-occurrence networks for each developmental
stage. The OTUs were arranged by taxonomy and relative
abundance computed for the whole development (Figure 1)
and the same order is preserved in Figure 2 OTU numbers
are provided in Figure 1 and Supplementary Figure S1 but
showing the relative abundance of OTUs at each developmental
stage.
None of the constructed networks has more than 56
interactions (L = 56) or involves more than 29 OTUs (NC ≤ 29),
resulting in a low density across all networks (Table 1).
All networks have more positive than negative interactions
(LP > LN), which is reflected in the mean correlation values
calculated considering the total set of links (Table 1). All networks
are composed of two or more subnetworks, but this could be
a consequence of the chosen correlation cut-off rather than
a biological property. The four networks together have 145
interactions and only one shared interaction between different
FIGURE 1 | Microbial co-occurrence network among OTUs during the whole development of N. vectensis. Nodes (N = 66) are the OTUs involved in at least one
strong interaction during the whole development or the three developmental stages; their color reflects taxonomic affiliation. The size of the nodes is proportional to
the log10 of the median reads (relative abundance of the OTUs) along the whole development. OTUs are arranged by taxonomy and relative abundance. Links
represent the interactions (i.e., significant co-occurrences; pseudo p-value ≤ 0.05) with absolute correlation values above 0.5. Red links are negative interactions,
while blue links stand for positive interactions; the thickness of the links is proportional to the strength of the interactions.
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FIGURE 2 | Microbial co-occurrence networks for (A) larval stage, (B) juvenile stage, and (C) adult polyps of N. vectensis. Nodes (N = 66) are the same as in
Figure 1 and Supplementary Figure S1 their order in the circular arrangement was preserved. OTU numbers are provided in Supplementary Figure S1. The colors
inform about the taxonomic affiliation of the nodes. The size of the nodes is proportional to the relative abundance of the OTUs (measured as log10 of median reads)
in each developmental stage. Links are significant correlations (pseudo p-value ≤ 0.05) with absolute values above 0.5; their color allows distinguishing among
negative (red) and positive (blue) interactions, while the thickness is proportional to the strength.
TABLE 1 | Network descriptors used to characterize the properties of the correlation networks. Indices were calculated for both the whole development network (i.e.,
based on all correlations among OTUs, irrespective of the various stages of polyp growth) and the networks that refer to three developmental stages (i.e., larva, juvenile,
and adult). All networks are composed of the same 66 OTUs (N = 66).
Descriptors Whole development Larva Juvenile Adult
Number of links (L) 22 35 56 37
Number of connected nodes (NC) 20 25 29 29
Density of the network (D) 0.010 0.016 0.026 0.017
Number of positive links (LP) 12 25 39 27
Number of negative links (LN) 10 10 17 10
Proportion of positive links (%LP) 0.545 0.714 0.696 0.730
Proportion of negative links (%LN) 0.455 0.286 0.304 0.270
Mean of total correlations (mt) 0.045 0.250 0.218 0.260
Mean of positive correlations (mp) 0.535 0.569 0.559 0.559
Mean of negative correlations (mn) −0.544 −0.548 −0.565 −0.547
Number of subnetworks (nsub) 4 2 6 5
Mean degree (d) 2.200 2.800 3.862 2.552
Maximum degree (dmax) 7 8 14 7
OTUs with maximum degree 1473 1903 1643 1948, 1601, 1256
developmental stages (i.e., the interaction OTU1601–OTU1657
is present in both larval and adult stages).
The co-occurrence network spanning the whole host
development (Figure 1) has the lowest number of connected
nodes (NC = 20; Table 1). Here, a spirochaete bacterium
(OTU1473) has the highest degree of links indicating a
potential role as organizer along the whole development
of N. vectensis (Supplementary Table S1 and Figure 1).
Interestingly, when analyzing the different developmental
phases separately, the structure of the interactions (Figure 2)
and the degree of the nodes (Supplementary Table S1) vary
during animal development. Thus, the set of nodes with
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TABLE 2 | Bacterial strains cultivated from juvenile polyps of N. vectensis.
#OTU Bacterium Consensus lineage Clone Correlations in juvenile network
Positive Negative
1304 Kiloniella sp. Alphaproteobacteria; Kiloniellales; Kiloniellaceae JB_90 1 0
194 Ruegeria sp. Alphaproteobacteria; Rhodobacterales; Rhodobacteraceae JB_30 1 6
1657 Loktanella sp. Alphaproteobacteria; Rhodobacterales; Rhodobacteraceae JB_36 0 0
2298 Flavobacterium sp. Bacteroidetes; Flavobacteriia; Flavobacteriales; Flavobacteriaceae JB_91 1 0
1325 Aeromonas sp. Gammaproteobacteria; Aeromonadales JB_15 0 0
2280 Marinobacter sp. Gammaproteobacteria; Alteromonadales; Alteromonadaceae JB_35 0 0
1320 Alteromonas sp. Gammaproteobacteria; Alteromonadales; Alteromonadaceae JB_27 0 0
670 Acinetobacter sp. Gammaproteobacteria; Pseudomonadales; Moraxellaceae JB_10 5 0
941 Pseudomonas sp. Gammaproteobacteria; Pseudomonadales; Pseudomonadaceae JB_53 0 0
1576 Francisella sp. Gammaproteobacteria; Thiotrichales; Francisellaceae JB_85 1 0
1209 Vibrio sp. Gammaproteobacteria; Vibrionales JB_14 1 3
243 Vibrio sp. Gammaproteobacteria; Vibrionales; Vibrionaceae JB_01 0 0
2325 Vibrio sp. Gammaproteobacteria; Vibrionales; Vibrionaceae JB_81 0 0
the highest degrees (i.e., OTUs with the higher number of
direct links in the co-occurrence network; Table 1) is also
modified, which reflects how the importance of the various
phylogenetic groups changes through development. At the
larval stage, the strongest correlations are mainly found
between Actinobacteria, Bacteroidetes, Lentisphaerae, and
Alphaproteobacteria (Figure 2A), but these links change
during the onset of development. During the juvenile stage,
Gammaproteobacteria become greatly important, interacting
mainly with Alphaproteobacteria and Bacteroidetes (Figure 2B).
However, at the adult stage, almost all interactions are between
Alphaproteobacteria, Bacteroidetes, and an unknown taxon
(Figure 2C). While at the larval stage, the bacterium with
the highest degree belongs to Actinobacteria (OTU1903), at
the juvenile stage, it is replaced by a Gammaproteobacterium
(OTU1643). At the adult stage, three different bacteria are
the most connected: one bacterium from the Bacteroidetes
(OTU1948), one from the Alphaproteobacteria (OTU1601), and
one unknown bacterium (OTU1256; Supplementary Table S1).
Interestingly, the network constructed from the bacterial data
of juvenile animals shows the highest number of links (L = 56;
Table 1). This suggests that in this developmental phase of the
animal, the bacteria–bacteria interactions may be of greater
importance for shaping the bacterial community composition
than during the two other developmental phases.
Experimental Testing of Predicted
Bacteria–Bacteria Interactions
In order to test the role of predicted bacteria–bacteria
interactions in the assemblage of the juvenile microbiota
in vivo, a cultivation approach of bacteria colonizing juvenile
polyps was performed. Of all isolates, 13 bacterial strains
were present within the 66 OTUs of the co-occurrence
networks (Table 2). Nine bacterial strains belong to the
Gammaproteobacteria, three bacterial strains belong to the
Alphaproteobacteria, and one belongs to the Bacteroidetes.
Within these 13 bacterial isolates, only three strains have more
than one correlation within the co-occurrence network of
juvenile animals (Table 2) and form part of the same subnetwork
(Figure 3). The bacterial isolates representing OTU194 (Ruegeria
sp.) and OTU1209 (Vibrio sp.) are characterized by mainly
negative correlations and therefore may act as competitive
bacteria. Both isolates belong to the group of most abundant
colonizers in juvenile polyps (Figures 2, 3), while in the
bacterial community of larvae, they are underrepresented
(Mortzfeld et al., 2016). In contrast, the isolate representing
OTU670 (Acinetobacter sp.) exerts mainly positive correlations,
thus seeming to be a cooperative bacterium (Figure 3 and
Table 2).
Using these three bacterial isolates, it was tested if predicted
bacteria–bacteria interactions influence the assemblage of the
juvenile microbiota in vivo. Therefore, the experiments with
antibiotic-treated juvenile polyps were conducted by recolonizing
with: (1) larval bacteria; (2) juvenile bacteria; and (3) larval
bacteria mixed with single bacterial isolates in excess (Figure 4).
Two isolates without any correlations at the juvenile stage,
OTU1325 (Aeromonas sp.) and OTU941 (Pseudomonas sp.), were
selected as controls (Supplementary Table S1). The recolonization
with larval bacteria was chosen as the tested bacterial isolates are
not overrepresented in this bacterial community and this allows
their overrepresentation in the recolonization experiments. All
treatments were conducted with five independent replicates,
sampled at 3- and 7-day post-recolonization (dpr) and analyzed
by 16S rRNA gene profiling.
Recolonization of Juvenile Polyps With
Larval and Juvenile Bacteria
Juvenile polyps which were inoculated with either juvenile (bJ) or
larval bacteria (bL) showed a different community composition
after 3dpr in comparison to the inocula and to each other
(Figure 5A, ADONIS R2 = 0.95, p < 0.001). After 7 days
of recolonization, both bacterial communities shifted back in
the direction of the native bacterial situation characterizing
juvenile polyps. The animals recolonized with bacteria of
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FIGURE 4 | Experimental setup for the recolonization experiments. For each treatment, juvenile polyps were treated with antibiotics and then recolonized with
different bacterial inocula. For recolonizations with competitive, cooperative, or neutral bacteria, the selected OTUs were mixed with bacteria of larvae. For the two
controls, antibiotic treated juveniles were recolonized with bacteria of larvae or juveniles alone.
juveniles resembled hereby the native situation significantly
better than animals recolonized with bacteria from larvae
(Figure 5B). Similar results were obtained when calculating
weighted UniFrac distances instead of Bray-Curtis distances
(Supplementary Figure S2). In contrast, the recolonized animals
showed no difference in their bacterial alpha-diversity, even
though they were recolonized with bacterial inocula that differed
significantly in their alpha-diversity (Figure 5C).
FIGURE 3 | Dominant microbial co-occurrence subnetwork in juvenile polyps.
The colors inform about the taxonomic affiliation of the nodes. The size of the
nodes is proportional to the relative abundance of the OTUs (measured as
log10 of median reads) in juvenile polyps. Links are significant correlations
(pseudo p-value ≤ 0.05) with absolute values above 0.5; their color allows
distinguishing among negative (red) and positive (blue) interactions, while the
thickness is proportional to the strength. OTUs with representative isolates
available are labeled in red.
These results indicate that juvenile polyps can be recolonized
with different source bacterial communities, but over time they
develop back to the native juvenile community composition.
However, only around 70% of the total bacterial diversity of
juvenile polyps (bJ) could be restored within 7dpr (Figure 5C),
independently of the alpha-diversity of the bacterial inoculum.
Influence of Bacterial Isolates on
Colonization Process
Before testing the effect of bacterial isolates on the composition
assemblage in juvenile polyps, it was first checked if the
overrepresented bacterial isolates are able to colonize the
polyp. Over the course of the experiment, all five isolates
remained overrepresented (Supplementary Figure S3). At
3dpr, the isolates were overrepresented between 3- and 27-
fold (Supplementary Figure S3B). While both competitive
bacteria (OTU194; Ruegeria sp. and OTU1209; Vibrio sp.)
showed the highest initial colonization efficiency, one of the
neutral isolates (OTU1325; Aeromonas sp.) recolonized with
the lowest efficiency (Supplementary Figure S3B). At 7dpr,
all bacterial isolates showed a similar overrepresentation
of two to fivefold compared to the control (Supplementary
Figure S3C). Therefore, it was possible to recolonize the
juvenile polyps with an overrepresentation of bacterial
isolates.
To test for the effect of bacterial isolates on bacterial
community assemblage in juvenile polyps, the colonization
dynamics with isolates were compared to the control colonization
without isolates. At 3dpr, the community composition was
significantly affected by the addition of all five different
isolates compared to the control (Supplementary Figure S4A).
Surprisingly all isolates, cooperative (OTU670; Acinetobacter
sp.), competitive (OTU194; Ruegeria sp. and OTU1209; Vibrio
sp.), or neutral (OTU1325; Aeromonas sp. and OTU941;
Pseudomonas sp.), shifted the community composition in
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FIGURE 5 | Juvenile polyps recolonize differentially with larvae (bL) or juvenile bacteria (bJ). (A) Bacterial communities were clustered using PCoA of the Bray–Curtis
distance matrix. The percent variation explained by the principal coordinates is indicated on the axes. bL, source bacteria of larvae; bJ, source bacteria of juvenile
polyps; J+bL, bacterial community of polyps recolonized with bL after 3dpr and 7dpr; J+bJ, bacterial community of polyps recolonized with bJ after 3dpr and 7dpr.
(B) Bray–Curtis distances to bJ after 3dpr and 7dpr. (C) Estimated number (Chao1) of OTUs of the source communities and recolonization communities. Statistical
analysis was conducted using analysis of variance (ANOVA; ∗∗p < 0.01, ∗∗∗p < 0.001).
a similar pattern (Figure 6A). Additionally, the distances
between juvenile bacteria and recolonized juvenile polyps
became significantly smaller if bacterial isolates were added
(Supplementary Figure S4A), indicating a slightly better
reconstitution of the original juvenile microbiota in the
presence of the isolates. Moreover, the competitive bacteria
(OTU194; Ruegeria sp. and OTU1209; Vibrio sp.) caused a
significantly greater alpha-diversity compared to the control; in
contrast, cooperative and neutral isolates had no effect on the
alpha-diversity of the bacterial community (Figure 6B).
However, the effect of the isolates on the Bray–Curtis distances
(Figure 6C and Supplementary Figure S4B) and the alpha-
diversity (Figure 6D) vanished after 7dpr. Therefore, all bacteria
caused only temporary shifts in the community composition and
only competitive bacteria were able to induce a significant but
temporary increase in alpha-diversity.
DISCUSSION
Co-occurrence networks were constructed to quantify the
importance of specific bacteria based on community-level
interactions (Faust and Raes, 2012). The goal was to focus on
the co-occurrence networks to infer the ecological role of the
bacteria (i.e., cooperation and competition) and identify the
hubs (i.e., bacteria with many direct connections of the same
sign). The reestablishment of the whole bacterial community
in the presence of cooperative, competitive, or neutral bacteria
was tested with in vivo recolonization experiments. The bacteria
with strongest predicted interactions changed the community
composition during the early recolonization steps of N. vectensis,
but only the communities inoculated with competitive bacteria
exhibited a significant but temporary increase in alpha-diversity.
Our study shows that co-occurrence network inference can be
used to retrieve ecologically relevant interactions.
The network approach allows identifying the most important
bacteria by their potential role in the community rather than
solely relying on their relative abundance (e.g., Jordán et al.,
2015). In our work, the degree of the nodes (OTUs) was used to
study the direct effects of the bacteria in the community (Scotti
and Jordán, 2010), under the assumption that co-occurrence
networks can be informative of ecological processes. While at
large phylogenetic levels, the abundance can still be a good
descriptor of the microbial community associated to N. vectensis
(Mortzfeld et al., 2016), the most abundant OTUs are not always
those displaying the higher number of links (see Figures 1, 2).
Network analysis suggested potentially important bacteria and
enabled designing in vivo experiments to test whether the
predicted interactions are ecologically relevant.
Generalized Lotka–Volterra equations were previously
applied to predict interactions in microbial communities, and the
validity of model results was confirmed by culture experiments
(Mounier et al., 2008). However, studies based on dynamical
modeling routinely involve only a small number of species, and
the validation of network inference (e.g., based on 16S rRNA
sequencing data) with culture experiments is in its infancy
(Faust and Raes, 2012). The novelty of our study stems from the
ability to culture single bacterial isolates, representing certain
OTUs, which allows experimental testing of their ecological roles
predicted by analysis of co-occurrence networks.
The microbial networks, inferred using the bacterial data from
larvae, juvenile, and adult polyps, demonstrate that bacterial
interactions during host development are highly dynamic. On
the one hand, aspects determining changes in the bacterial
networks might be linked to physiological and immunological
factors of the host that are remodeled during development as
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FIGURE 6 | Recolonization patterns in the presence of selected isolates. Bacterial communities at 3dpr (A) and 7dpr (C) were clustered using PCoA of the
Bray–Curtis distance matrix. The percent variation explained by the principal coordinates is indicated at the axes. bL, source bacteria of larvae; bJ, source bacteria of
juvenile polyps; J+bL, bacterial community of polyps recolonized with bL after 3dpr and 7dpr; J+bJ, bacterial community of polyps recolonized with bJ after 3dpr
and 7dpr; b+bL+isolates, bacterial community of polyps recolonized with bL and one of the selected isolates. Estimated number (Chao1) of OTUs after 3dpr (B) and
7dpr (D). Statistical analysis was conducted using analysis of variance (ANOVA; ∗p < 0.05, ∗∗p < 0.01, n = 5).
shown during metamorphosis in amphibians (Rollins-Smith,
1998; Faszewski et al., 2008) and insects (Vigneron et al., 2014).
Especially, effector molecules of the innate immune system
like AMPs (Salzman et al., 2010; Login et al., 2011; Franzenburg
et al., 2013; Mukherjee et al., 2014) or the provision of
selective nutrients by the host (Ley et al., 2006) may directly
influence the bacterial interactions. In addition, the specific
composition of complex carbohydrates on the boundary between
epithelium and environment may have a huge impact on
individual bacterial fitness and interactions between bacterial
species (Kashyap et al., 2013; Pickard et al., 2014). On the
other hand, observed changes within the bacterial interactions
could be explained by successions driven by ecological bacterial
interactions alone. Studying the succession of plant colonization
of new habitats was part of ecological research for a long time
already, but recently this approach also gained popularity to study
successional patterns of microbial communities (Fierer et al.,
2010). It was shown that microbial community successions in
a host are accompanied by changes in the metabolic potential,
adapting to environmental changes like diet (Koenig et al., 2011),
but are also predictable after infection and recovery (David
et al., 2014). However, the changes in microbial succession and
metabolic potential also occur in the absence of a host, leaving
these successions exclusively to ecological interactions between
bacteria alone (Datta et al., 2016).
In the experiment, we show that the early recolonization
dynamics depend on the initial bacterial inoculum, but after
7dpr all recolonizations result in a similar bacterial community
composition (Figures 5, 6). Three days after recolonization,
the community composition observed for all treatments (i.e.,
those inoculated with cooperative, competitive, or neutral OTUs)
was significantly different from both the native larval (bL)
and the native juvenile (bJ) bacteria (Figure 6). Nevertheless,
7dpr all treatments resembled more the native microbiota of
juveniles than the larval source used to assemble the communities
(Figure 5). This process was more efficient when juveniles were
recolonized with juvenile microbiota rather than with bacteria
extracted from larvae. Even when starting from different initial
conditions, all recolonization treatments that included isolates
followed recolonization paths that were similar to that of native
larval bacteria. Recolonization with competitive, cooperative, or
neutral bacteria always developed toward attaining the native
juvenile bacterial state, thus showing the resilience of the system
to perturbations. One explanation, why even neutral bacteria
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showed an effect on the assembly of the community, could be
that the neutral bacteria were chosen based on network inference
(e.g., the decision of considering strong correlations as those
with absolute values above the 0.5 threshold, or the use of the
SparCC algorithm for correlation detection). Although neutral
bacteria do not present strong correlations in the larval and
juvenile networks, they still have the potential to influence the
community during initial establishment of the community or the
later development of the host (Figure 2).
The convergence of all communities toward the native juvenile
bacterial state shows that the initial composition is crucial for the
stability of the system. The tested communities in our experiment
showed resilience irrespective of the interaction strategy of
the OTUs added in excess. Although the interaction mode of
overrepresented OTUs does not alter the long-term equilibrium
of the community, the competitors are the only OTUs challenging
the stability of the system. As described in the literature (Czaran
et al., 2002; Coyte et al., 2015), the addition of competitive OTUs
significantly increased community diversity, even though such an
effect was transient.
Competitive interactions between members of the bacterial
community are expected to increase community diversity
(Czaran et al., 2002; Coyte et al., 2015), spatial structure (Kim
et al., 2008), stability (Kelsic et al., 2015), and functioning (Wei
et al., 2015). After 7dpr, all communities have transited to a
more stable composition, as the number of OTUs is almost
the same among treatments (Figure 6) and overrepresented
OTUs declined. In our recolonization experiment, mainly the
spatial structure got abrogated by the antibiotic treatment and
homogenization of the inocula. While with our experiment, we
cannot assess the spatial structure or the functioning of the
community, we can clearly see that only competitive bacteria
increase community diversity, which is predicted by ecological
theory (Coyte et al., 2015). The temporal increase in alpha-
diversity could be explained by the fact that during the initial
phase, the spatial structure of the bacterial community is not
yet reestablished. In this initial phase bacteria can exert contact-
dependent competition, which is particularly relevant in the
treatments with overrepresented competitive bacteria, leading
those communities to higher diversity. With the reestablishment
of spatial structure, contact-dependent competition might be less
pronounced. This is often described in literature as a real-life
game of “rock-paper-scissors” (Kerr et al., 2002; Reichenbach
et al., 2007), in which coexistence of competing communities
is ensured by local interaction and dispersal (van Nouhuys and
Hanski, 2005).
Neither the larval nor the juvenile bacterial communities are
the final state of the system. Both are transient configurations
from which the adult stable community develops (Fieth et al.,
2016; Mortzfeld et al., 2016). Although stability has been
described in marine ecosystems for microbial communities
associated to various host taxa (Schmitt et al., 2012; Hester et al.,
2016), there are examples (i.e., microbiota communities of corals)
that do not present high resilience to perturbations (Rosenberg
et al., 2009; Pogoreutz et al., 2018). Previous research has shown
that environmental perturbations trigger slight changes in the
composition of N. vectensis microbiota (Mortzfeld et al., 2016),
but these effects were minor compared to the ones associated to
the host development. Therefore, it is possible that the bacterial
community associated to N. vectensis is able to buffer internal
shifts such as the overrepresentation of single members of the
community, as was simulated with our experiment.
Our study cannot exclude that host–bacteria interactions
played a role in the succession of the microbial community,
like the innate immune system (Franzenburg et al., 2012, 2013),
spatial restriction (Kim et al., 2008; Mark Welch et al., 2017),
or diet (David et al., 2014). Therefore, further investigations
are needed to understand whether bacteria–bacteria interactions,
host–bacteria interactions, or both modulate the resilience of
the bacterial community. In the same way, we cannot discard
that working with the strongest inferred correlations could mask
some network properties (e.g., network connectivity and degree
of each node) of particular relevance when choosing an OTU
to implement an experiment. With the increasing number of
isolates, exploration of other network properties or centrality
measurements might be possible, and we could even gain the
capacity to study only a few interactions at a time in a synthetic
community approach (Bodenhausen et al., 2014).
CONCLUSION
The aim of this study was to experimentally show that co-
occurrence networks infer ecologically relevant interactions. The
recolonization treatments that included competitive bacteria
resulted in increased alpha-diversity compared to treatments
with cooperative or neutral OTUs and controls. Although the
shift in community composition and diversity was short term
(i.e., the effects vanished after 7 days), our results match the
expectation of ecological theory for competitive players being
able to increase the alpha-diversity (Coyte et al., 2015). This study
provides experimental evidence about the ecological relevance
of inferred correlations in microbial communities and is the
first step to establish the marine sea anemone N. vectensis as
an experimental model to test theoretical predictions in host-
associated microbial communities.
AUTHOR CONTRIBUTIONS
HD, YZ-G, MS, UHH, and SF contributed to conception and
design of the study. HD, YZ-G, and JB performed the research.
HD, YZ-G, and SF performed the statistical analysis. HD, YZ-G,
MS, and SF wrote the first draft of the manuscript. All authors
contributed to manuscript revision and read and approved the
submitted version.
FUNDING
This work was supported by the Deutsche Forschungs-
gemeinschaft (DFG; CRC1182 “Origin and function of
Metaorganisms,” Project B1). YZ-G was supported by a
fellowship from the International Max Planck Research School
for Evolutionary Biology.
Frontiers in Microbiology | www.frontiersin.org 10 April 2018 | Volume 9 | Article 728
fmicb-09-00728 April 21, 2018 Time: 12:35 # 11
Domin et al. Bacterial Interactions in Nematostella vectensis
ACKNOWLEDGMENTS
We are grateful to Thomas Bosch for his support and
critical discussion. We thank Peter Deines and Benedikt
Mortzfeld for their critical reading of the manuscript,
the technicians Tanja Naujoks and Christopher Noack
for the technical support. We also thank the Institute of
Clinical Molecular Biology in Kiel for providing Sanger
sequencing as supported in part by the DFG Cluster
of Excellence “Inflammation at Interfaces” and “Future
Ocean.”
SUPPLEMENTARY MATERIAL




Agler, M. T., Ruhe, J., Kroll, S., Morhenn, C., Kim, S.-T., Weigel, D.,
et al. (2016). Microbial hub taxa link host and abiotic factors to plant
microbiome variation. PLoS Biol. 14:e1002352. doi: 10.1371/journal.pbio.100
2352
Bodenhausen, N., Bortfeld-Miller, M., Ackermann, M., and Vorholt, J. A.
(2014). A synthetic community approach reveals plant genotypes affecting the
phyllosphere microbiota. PLoS Genet. 10:e1004283. doi: 10.1371/journal.pgen.
1004283
Caporaso, J. G., Kuczynski, J., Stombaugh, J., Bittinger, K., Bushman, F. D.,
Costello, E. K., et al. (2010). QIIME allows analysis of high-throughput
community sequencing data. Nat. Methods 7, 335–336. doi: 10.1038/nmeth.
f.303
Coyte, K. Z., Schluter, J., and Foster, K. R. (2015). The ecology of the microbiome:
networks, competition, and stability. Science 350, 663–666. doi: 10.1126/science.
aad2602
Czaran, T. L., Hoekstra, R. F., and Pagie, L. (2002). Chemical warfare between
microbes promotes biodiversity. Proc. Natl. Acad. Sci. U.S.A. 99, 786–790.
doi: 10.1073/pnas.012399899
Datta, M. S., Sliwerska, E., Gore, J., Polz, M. F., and Cordero, O. X. (2016).
Microbial interactions lead to rapid micro-scale successions on model marine
particles. Nat. Commun. 7:11965. doi: 10.1038/ncomms11965
David, L. A., Maurice, C. F., Carmody, R. N., Gootenberg, D. B., Button, J. E.,
Wolfe, B. E., et al. (2014). Diet rapidly and reproducibly alters the human gut
microbiome. Nature 505, 559–563. doi: 10.1038/nature12820
Deines, P., and Bosch, T. C. G. (2016). Transitioning from microbiome
composition to microbial community interactions: the potential of the
metaorganism hydra as an experimental model. Front. Microbiol. 7:1610.
doi: 10.3389/fmicb.2016.01610
DeSantis, T. Z., Hugenholtz, P., Larsen, N., Rojas, M., Brodie, E. L., Keller, K.,
et al. (2006). Greengenes, a chimera-checked 16S rRNA gene database and
workbench compatible with ARB. Appl. Environ. Microbiol. 72, 5069–5072.
doi: 10.1128/AEM.03006-05
Edgar, R. C. (2010). Search and clustering orders of magnitude faster than BLAST.
Bioinformatics 26, 2460–2461. doi: 10.1093/bioinformatics/btq461
Faith, J. J., Guruge, J. L., Charbonneau, M., Subramanian, S., Seedorf, H., Goodman,
A. L., et al. (2013). The long-term stability of the human gut microbiota. Science
341, 1237439. doi: 10.1126/science.1237439
Fan, L., Liu, M., Simister, R., Webster, N. S., and Thomas, T. (2013). Marine
microbial symbiosis heats up: the phylogenetic and functional response of a
sponge holobiont to thermal stress. ISME J. 7, 991–1002. doi: 10.1038/ismej.
2012.165
Faszewski, E. E., Tyrell, A., Guin, S., and Kaltenbach, J. C. (2008). Metamorphic
changes in localization of sugars in skin of the leopard frog, Rana pipiens.
J. Morphol. 269, 998–1007. doi: 10.1002/jmor.10639
Faust, K., and Raes, J. (2012). Microbial interactions: from networks to models.Nat.
Rev. Microbiol. 10, 538–550. doi: 10.1038/nrmicro2832
Fierer, N., Nemergut, D., Knight, R., and Craine, J. M. (2010). Changes through
time: integrating microorganisms into the study of succession. Res. Microbiol.
161, 635–642. doi: 10.1016/j.resmic.2010.06.002
Fieth, R. A., Gauthier, M.-E. A., Bayes, J., Green, K. M., and Degnan, S. M. (2016).
Ontogenetic changes in the bacterial symbiont community of the tropical
demosponge amphimedon queenslandica: metamorphosis is a new beginning.
Front. Mar. Sci. 3:228. doi: 10.3389/fmars.2016.00228
Franzenburg, S., Fraune, S., Künzel, S., Baines, J. F., Domazet-Lošo, T., and Bosch,
T. C. G. (2012). MyD88-deficient Hydra reveal an ancient function of TLR
signaling in sensing bacterial colonizers. Proc. Natl. Acad. Sci. U.S.A 109,
19374–19379. doi: 10.1073/pnas.1213110109
Franzenburg, S., Walter, J., Künzel, S., Wang, J., Baines, J. F., Bosch, T. C. G.,
et al. (2013). Distinct antimicrobial peptide expression determines host species-
specific bacterial associations. Proc. Natl. Acad. Sci. U.S.A. 110, E3730–E3738.
doi: 10.1073/pnas.1304960110
Fraune, S., Anton-Erxleben, F., Augustin, R., Franzenburg, S., Knop, M.,
Schröder, K., et al. (2014). Bacteria-bacteria interactions within the microbiota
of the ancestral metazoan Hydra contribute to fungal resistance. ISME J. 9,
1543–1556. doi: 10.1038/ismej.2014.239
Friedman, J., and Alm, E. J. (2012). Inferring correlation networks from genomic
survey data. PLoS Comput. Biol. 8:e1002687. doi: 10.1371/journal.pcbi.1002687
Fritzenwanker, J. H., and Technau, U. (2002). Induction of gametogenesis in
the basal cnidarian Nematostella vectensis (Anthozoa). Dev. Genes Evol. 212,
99–103. doi: 10.1007/s00427-002-0214-7
Grosskopf, T., and Soyer, O. S. (2014). Synthetic microbial communities. Curr.
Opin. Microbiol. 18, 72–77. doi: 10.1016/j.mib.2014.02.002
Haas, B. J., Gevers, D., Earl, A. M., Feldgarden, M., Ward, D. V., Giannoukos, G.,
et al. (2011). Chimeric 16S rRNA sequence formation and detection in
Sanger and 454-pyrosequenced PCR amplicons. Genome Res. 21, 494–504.
doi: 10.1101/gr.112730.110
Hand, C., and Uhlinger, K. R. (1992). The culture, sexual and asexual reproduction,
and growth of the sea anemone Nematostella vectensis. Biol. Bull. 182, 169–176.
doi: 10.2307/1542110
Hand, C., and Uhlinger, K. R. (1994). The unique, widely distributed, estuarine sea
anemone, Nematostella vectensis stephenson: a review, new facts, and questions.
Estuaries 17, 501–508. doi: 10.2307/1352679
Hester, E. R., Barott, K. L., Nulton, J., Vermeij, M. J., and Rohwer, F. L. (2016).
Stable and sporadic symbiotic communities of coral and algal holobionts. ISME
J. 10, 1157–1169. doi: 10.1038/ismej.2015.190
Jordán, F., Lauria, M., Scotti, M., Nguyen, T.-P., Praveen, P., Morine, M., et al.
(2015). Diversity of key players in the microbial ecosystems of the human body.
Sci. Rep. 5:15920. doi: 10.1038/srep15920
Kashyap, P. C., Marcobal, A., Ursell, L. K., Smits, S. A., Sonnenburg, E. D., Costello,
E. K., et al. (2013). Genetically dictated change in host mucus carbohydrate
landscape exerts a diet-dependent effect on the gut microbiota. Proc. Natl. Acad.
Sci. U.S.A. 110, 17059–17064. doi: 10.1073/pnas.1306070110
Kelsic, E. D., Zhao, J., Vetsigian, K., and Kishony, R. (2015). Counteraction
of antibiotic production and degradation stabilizes microbial communities.
Nature 521, 516–519. doi: 10.1038/nature14485
Kerr, B., Riley, M. A., Feldman, M. W., and Bohannan, B. J. M. (2002). Local
dispersal promotes biodiversity in a real-life game of rock-paper-scissors.
Nature 418, 171–174. doi: 10.1038/nature00823
Kim, H. J., Boedicker, J. Q., Choi, J. W., and Ismagilov, R. F. (2008). Defined spatial
structure stabilizes a synthetic multispecies bacterial community. Proc. Natl.
Acad. Sci. U.S.A. 105, 18188–18193. doi: 10.1073/pnas.0807935105
Koenig, J. E., Spor, A., Scalfone, N., Fricker, A. D., Stombaugh, J., Knight, R.,
et al. (2011). Succession of microbial consortia in the developing infant gut
microbiome. Proc. Natl. Acad. Sci. U.S.A. 108(Suppl.), 4578–4585. doi: 10.1073/
pnas.1000081107
Ley, R. E., Peterson, D. A., and Gordon, J. I. (2006). Ecological and evolutionary
forces shaping microbial diversity in the human intestine. Cell 124, 837–848.
doi: 10.1016/j.cell.2006.02.017
Frontiers in Microbiology | www.frontiersin.org 11 April 2018 | Volume 9 | Article 728
fmicb-09-00728 April 21, 2018 Time: 12:35 # 12
Domin et al. Bacterial Interactions in Nematostella vectensis
Login, F. H., Balmand, S., Vallier, A., Vincent-Monégat, C., Vigneron, A., Weiss-
Gayet, M., et al. (2011). Antimicrobial peptides keep insect endosymbionts
under control. Science 334, 362–365. doi: 10.1126/science.1209728
Mark Welch, J. L., Hasegawa, Y., McNulty, N. P., Gordon, J. I., and Borisy, G. G.
(2017). Spatial organization of a model 15-member human gut microbiota
established in gnotobiotic mice. Proc. Natl. Acad. Sci. U.S.A. 114, E9105–E9114.
doi: 10.1073/pnas.1711596114
Mitri, S., and Foster, K. R. (2013). The genotypic view of social interactions in
microbial communities. Annu. Rev. Genet. 47, 247–273. doi: 10.1146/annurev-
genet-111212-133307
Mortzfeld, B. M., Urbanski, S., Reitzel, A. M., Künzel, S., Technau, U., and
Fraune, S. (2016). Response of bacterial colonization in Nematostella vectensis
to development, environment and biogeography. Environ. Microbiol. 18,
1764–1781. doi: 10.1111/1462-2920.12926
Mounier, J., Monnet, C., Vallaeys, T., Arditi, R., Sarthou, A.-S., Helias, A., et al.
(2008). Microbial interactions within a cheese microbial community. Appl.
Environ. Microbiol. 74, 172–181. doi: 10.1128/AEM.01338-07
Mukherjee, S., Zheng, H., Derebe, M. G., Callenberg, K. M., Partch, C. L.,
Rollins, D., et al. (2014). Antibacterial membrane attack by a pore-forming
intestinal C-type lectin. Nature 505, 103–107. doi: 10.1038/nature12729
Pickard, J. M., Maurice, C. F., Kinnebrew, M. A., Abt, M. C., Schenten, D.,
Golovkina, T. V., et al. (2014). Rapid fucosylation of intestinal epithelium
sustains host–commensal symbiosis in sickness. Nature 514, 638–641.
doi: 10.1038/nature13823
Pogoreutz, C., Rädecker, N., Cárdenas, A., Gärdes, A., Wild, C., and Voolstra, C. R.
(2018). Dominance of Endozoicomonas bacteria throughout coral bleaching
and mortality suggests structural inflexibility of the Pocillopora verrucosa
microbiome. Ecol. Evol. 8, 2240–2252. doi: 10.1002/ece3.3830
Rausch, P., Basic, M., Batra, A., Bischoff, S. C., Blaut, M., Clavel, T., et al.
(2016). Analysis of factors contributing to variation in the C57BL/6J fecal
microbiota across German animal facilities. Int. J. Med.Microbiol. 306, 343–355.
doi: 10.1016/j.ijmm.2016.03.004
Reichenbach, T., Mobilia, M., and Frey, E. (2007). Mobility promotes and
jeopardizes biodiversity in rock-paper-scissors games. Nature 448, 1046–1049.
doi: 10.1038/nature06095
Ribes, M., Calvo, E., Movilla, J., Logares, R., Coma, R., and Pelejero, C. (2016).
Restructuring of the sponge microbiome favors tolerance to ocean acidification.
Environ. Microbiol. Rep. 8, 536–544. doi: 10.1111/1758-2229.12430
Rollins-Smith, L. A. (1998). Metamorphosis and the amphibian immune system.
Immunol. Rev. 166, 221–230. doi: 10.1111/j.1600-065X.1998.tb01265.x
Rosenberg, E., Kushmaro, A., Kramarsky-Winter, E., Banin, E., and Yossi, L.
(2009). The role of microorganisms in coral bleaching. ISME J. 3, 139–146.
doi: 10.1038/ismej.2008.104
Salzman, N. H., Hung, K., Haribhai, D., Chu, H., Karlsson-Sjoberg, J., Amir, E.,
et al. (2010). Enteric defensins are essential regulators of intestinal microbial
ecology. Nat. Immunol. 11, 76–83. doi: 10.1038/ni.1825
Schmitt, S., Tsai, P., Bell, J., Fromont, J., Ilan, M., Lindquist, N., et al. (2012).
Assessing the complex sponge microbiota: core, variable and species-specific
bacterial communities in marine sponges. ISME J. 6, 564–576. doi: 10.1038/
ismej.2011.116
Scotti, M., and Jordán, F. (2010). Relationships between centrality indices and
trophic levels in food webs. Community Ecol. 11, 59–67. doi: 10.2307/24113632
Shade, A., Peter, H., Allison, S. D., Baho, D. L., Berga, M., Bürgmann, H., et al.
(2012). Fundamentals of microbial community resistance and resilience. Front.
Microbiol. 3:417. doi: 10.3389/fmicb.2012.00417
Staubach, F., Künzel, S., Baines, A. C., Yee, A., McGee, B. M., Bäckhed, F., et al.
(2012). Expression of the blood-group-related glycosyltransferase B4galnt2
influences the intestinal microbiota in mice. ISME J. 6, 1345–1355. doi: 10.1038/
ismej.2011.204
Vaishnava, S., Behrendt, C. L., Ismail, A. S., Eckmann, L., and Hooper, L. V.
(2008). Paneth cells directly sense gut commensals and maintain homeostasis
at the intestinal host-microbial interface. Proc. Natl. Acad. Sci. U.S.A. 105,
20858–20863. doi: 10.1073/pnas.0808723105
van Nouhuys, S., and Hanski, I. (2005). “Metacommunities of butterflies, their
host plants and their parasitoids,” in Metacommunities - Spatial Dynamics and
Ecological Communities, eds R. D. H. M. Holyoak and M. A. Leibold (Chicago,
IL: University of Chicago Press), 99–121.
Vigneron, A., Masson, F., Vallier, A., Balmand, S., Rey, M., Vincent-Monégat, C.,
et al. (2014). Insects recycle endosymbionts when the benefit is over. Curr. Biol.
24, 2267–2273. doi: 10.1016/j.cub.2014.07.065
Wasserman, S., and Faust, K. (1994). Social Network Analysis?: Methods
and Applications. Cambridge: Cambridge University Press. doi: 10.1017/
CBO9780511815478
Wei, Z., Yang, T., Friman, V.-P., Xu, Y., Shen, Q., and Jousset, A. (2015). Trophic
network architecture of root-associated bacterial communities determines
pathogen invasion and plant health. Nat. Commun. 6:8413. doi: 10.1038/
ncomms9413
Weiss, S., Van Treuren, W., Lozupone, C., Faust, K., Friedman, J., Deng, Y., et al.
(2016). Correlation detection strategies in microbial data sets vary widely in
sensitivity and precision. ISME J. 10, 1669–1681. doi: 10.1038/ismej.2015.235
Zelezniak, A., Andrejev, S., Ponomarova, O., Mende, D. R., Bork, P., and
Patil, K. R. (2015). Metabolic dependencies drive species co-occurrence in
diverse microbial communities. Proc. Natl. Acad. Sci. U.S.A. 112, 6449–6454.
doi: 10.1073/pnas.1421834112
Conflict of Interest Statement: The authors declare that the research was
conducted in the absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.
Copyright © 2018 Domin, Zurita-Gutiérrez, Scotti, Buttlar, Hentschel Humeida and
Fraune. This is an open-access article distributed under the terms of the Creative
Commons Attribution License (CC BY). The use, distribution or reproduction in
other forums is permitted, provided the original author(s) and the copyright owner
are credited and that the original publication in this journal is cited, in accordance
with accepted academic practice. No use, distribution or reproduction is permitted
which does not comply with these terms.
Frontiers in Microbiology | www.frontiersin.org 12 April 2018 | Volume 9 | Article 728
